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. GPTHIAIRE OpenATTE A #K 2017 4E i 1 #9 Transformer 2 b A b #E AL . 23 37E Transformer
LR 4 3 1 BERT HE 42 45 T 19 42 42 8 Cencoder) BB | T G PT 7 3% J1 U2 i b (decoder) i @ |
X 8 A SR PR R B AR o Z AT HOR BB 47 AY MO BER T HESE SR 7€ ChatGPT KR Z 5,
FARFAFEHNRE] GPT A LT SO & J7 L.

EESWE AP G F i 3 b ey 1 % -5 @ B8y b B BOR PR UER 7 (21AZD021)

PEE I« A3 B, A0 R B K BUR A B2 B 042, BUIR “E IF AT BE B 1< (L1 201620 gaogigilove@163.com),

@ ZhouC., LiQ., LiC., etal., “A Comprehensive Survey on Pretrained Foundation Models: A History from BERT to ChatGPT”,
ArXiv Preprint, 2023, No. 2302.09419.

147



R ok 2 AR F A2 RO

ChatGPT Z Fr LAz B AT 12 i, Hok O 2 A 28 AT 83z 3] 1 38 1N T %5 BE 28 i 1Y) ]
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B QT AT I 5 R0 1 K I 8 S 4 AR T B s L 3 a2 R MR
AR A, FL A BT I 9 [ AT LA Sl I AR AR B 2 A [ SR A o X I 5 el L o
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K GPT AR 2 1 & —Fh 287 0 iR A 7 B o A% 8 0 R AR 7= 2 LA R o0 1 A e IR A 77 1Y
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@ Desk T., “Noam Chomsky Calls ChatGPT ‘Basically a High-tech Plagiarism’”, https://editorialge.com/noam-chomsky-slams-
chatgpt/#: ~: text=According% 20t0% 20Noam% 20Chomsky% 2C% 20a% 20well-known% 20intellectual% 20researcher% 2C, an%
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@ Meek A., “OpenAl’s ChatGPT Has A Major Political Bias, and It Could Ruin Artificial Intelligence”, https://bgr.com/general/
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GPT Technology and the Modernization of National Governance:

A Framework Based on Order, Empowerment and Innovation

Gao Qiqi
(Institute of Political Science, East China University of Political Science and Law,
Shanghai 201620, P.R.China; School of Government, East China University of
Political Science and Law, Shanghai 201620, P.R.China)

Abstract: GPT technology can be regarded as a new productivity revolution, which is to lead to a
remapping of the global political and economic landscape. The modernization of national governance
encompasses three main aspects: the order system, the empowerment system, and the innovation
system. In terms of the order system, the emergence of GPT technology has the potential to completely
disrupt the traditional knowledge order and reconstruct a new knowledge authority. Regarding the
empowerment system, GPT technology has a strong effect on empowering citizens, but it may also give
rise to issues such as “vulgarization of expression”. In terms of the innovation system, GPT brings about
a new wave of innovation revolution and may create a landscape where “everyone can be a scholar”.
However, this also entails the risk of innovation degeneration. In the process of modernizing its national
governance, China faces a complex set of multi-stage tasks. The overlapping features of these tasks pose
multiple obstacles, including systemic pressure caused by modernization mobilization, insufficient driving
force due to post-modern concepts, and difficulties in making breakthroughs in original innovation.
Previously, China’s modernization of national governance has been primarily based on the “demographic
dividend”, but further progress in this area requires more consideration of the “intelligent dividend”. The
general large-scale model technology represented by GPT is to become a new competitive track, implying
that China needs to achieve original innovation capabilities so as to make significant achievements in this
new track. Currently, we are still in a position of catching up in this race. Whether we can transition
from catching up to leading in the future actually involves the overall picture of China’s modernization of
national governance. China’s national governance also needs to establish a certain level of linkage with
global governance. China needs to reflect its participation and voice in the process of global governance of
model. Of course, the development of general artificial intelligence will face global governance issues in
the future, as it is a “nuclear weapon level” technology that produces creative and destructive effects far
beyond people’s imagination. Countries should gradually establish certain rules for the future development
of universal artificial intelligence. Otherwise, the enormous creative destructive effect generated by
universal artificial intelligence may completely overturn the achievements of human civilization. Therefore,
the modernization of national governance also requires close linkage with global governance.

Keywords: The Modernization of national governance; ChatGPT; GPT; General model of artificial
intelligence
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